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Abstract
Objective. The maintenance of balance is a complicated process in the human brain, which involves
multisensory processing such as somatosensory and visual processing, motor planning and
execution. It was shown that a specific cortical activity called perturbation-evoked potential (PEP)
appears in the electroencephalogram (EEG) during balance perturbation. PEPs are primarily
recognized by the N1 component with a negative peak localized in frontal and central regions.
There has been a doubt in balance perturbation studies whether the N1 potential of perturbation is
elicited due to error processing in the brain. The objective of this study is to test whether the brain
perceives postural instability as a cognitive error by imposing two types of perturbations consisting
of erroneous and correct perturbations. Approach. We conducted novel research to incorporate the
experiment designs of both error and balance studies. To this end, participants encountered errors
during balance perturbations at rare moments in the experiment. We induced errors by imposing
perturbations to participants in the wrong directions and an erroneous perturbation was
considered as a situation when the participant was exposed to an opposite direction of the
expected/informed one. In correct perturbations, participants were tilted to the same direction, as
they were informed. We analyzed the two conditions in time, time-frequency, and source domains.
Main results. We showed that two error-related neural markers were derived from the EEG
responses, including error positivity (Pe), and error-related alpha suppression (ERAS) during
erroneous perturbations. Consequently, early neural correlates of perturbation cannot be
interpreted as error-related responses. We discovered distinct patterns of conscious error
processing; both Pe and ERAS are associated with conscious sensations of error. Significance. Our
findings indicated that early cortical responses of balance perturbation are not associated with
neural error processing of the brain, and errors induce distinct cortical responses that are
distinguishable from brain dynamics of N1 potential.

1. Introduction

Understanding the complex process of balance
control in the human brain is a pivotal step in
learning the underlying brain mechanism of cog-
nitive control and sensorimotor processing. With
advancements in neuroimaging techniques, the stud-
ies of human neural activity during balance have
received considerable attention, although our know-
ledge about real-life brain responses during postural

perturbations is bounded. Electroencephalography
(EEG) is themost used neuroimagingmethod to eval-
uate brain activity in response to balance perturba-
tions because of its high temporal resolution and ease
of recording. It has been shown that postural instabil-
ities are preceded by a specific brain activity pattern
called perturbation-evoked potential (PEP) dispersed
over front-centro-parietal areas [1–6]. PEPs are com-
posed of different EEG components, including a
large negative peak (N1), followed by positive (P2)
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and negative (N2) waves, respectively [7]. This EEG
potential induced by whole-body perturbation has
been studied under different paradigms, including
surface perturbations [3, 8–10], platform translations
[5, 8, 11–13], rotation [1, 4, 14], and weight-release
[15–18]. PEPs are primarily recognized by N1 com-
ponents with a negative peak between 85 and 163 ms,
and localized in the frontal and central regions. The
N1 component is an indicator of body postural per-
turbation irrespective of its cause, and it is observable
in all types of balance destabilization. During pos-
tural instability, the cortex is involved in multisens-
ory processing encompassed by visual, vestibular, and
somatosensory systems that cause different paramet-
ers to regulate the perturbation-evoked responses.
The evidence of multiple studies suggests that latency
and amplitude of the N1 component are manip-
ulated by physical characteristics of perturbation
(i.e. intensity or velocity) [11, 19, 20], or by envir-
onmental and psychological characteristics of the
experiment and participants [10, 21–23]. In the Dietz
et al study [2], participants were subjected to random
perturbations while they stood on a treadmill. Pos-
tural displacement was produced in two conditions
consisting of self-induced and experimenter-induced
perturbations. They found out that the magnitude
of N1 decreased significantly when the participants
induced the perturbations by themselves. They con-
cluded that the changes in neural responses between
predictable and unpredictable perturbations reflect
a link between the N1 potential and the error detec-
tion process. Adkin et al [21] explored the aspect of
the postural threat of N1 components for predict-
able and unpredictable trunk perturbations. They
operated postural threat by conducting the exper-
iment on an elevated surface located 3.2 m above
the ground level. The cortical responses were eval-
uated at the low and high surface height conditions
with the same force perturbation. They showed that
the amplitude of the N1 component in high condi-
tions was increased significantly compared with low
height conditions for unpredictable perturbations.
Also, no perturbation evoked activity appeared in the
predictable perturbation. Goel and colleagues [11]
examined the effect of support surface translations
in two different directions (backward and forward)
and speeds (high and low). They reported that the
amplitude of N1 was significantly larger for high-
speed perturbation compared with low-speed ones.
Additionally, no differences were found in the N1
peak amplitude and latency as a function of the per-
turbation direction. In our previous study [24], it
was shown that the modulation of cortical responses
elicited by balance perturbation carries direction-
and angle-specific information which can be clas-
sified with reliable accuracy. In another study by
Adkin and colleagues [22], they applied displace-
ment in predictable and unpredictable manners. In

their experiment, participants experienced transi-
ent horizontal perturbations to the trunk while they
maintained an upright stance with closed eyes. A
large negative potential emerged for unpredictable
perturbations, whereas no discernible N1 component
was diagnosed during the predictable perturbations.
They argued that N1 potentials represent a function
of error processing in unexpected stimulation.

Payne and colleagues [25] compared the relevant
studies to balance control and cognitive error detec-
tion studies, and they suggested that the N1 compon-
ent elicited in response to balance perturbation shows
analogous neural activity to the classical error-related
negativity (ERN). The ERN or error negativity (Ne)
is a cortical response to erroneous action [26–28],
which appears around 50 ms after an error commis-
sion over frontocentral electrodes [29]. This negativ-
ity arises from the medial-frontal cortex (MFC) espe-
cially in the anterior cingulate cortex (ACC) [30–32],
and it is evoked when participants commit a mis-
take in forced-choice speeded response paradigms.
Commonly used tasks to elicit error brain responses
include the flanker task [29, 33, 34], go/no-go task
[35–38], and stroop task [39–41].

The other EEG component that occurs during
error processing is a positive potential called Pe. It is a
parietal positive deflection that is maximized around
200–500 ms after the error onset [26, 31]. Moreover,
Pe is hypothesized to catch the higher level charac-
teristic of error processing, and it is linked to error
awareness [42–44]. Pe and P300 originate from the
same source with respect to the time course and scalp
topographies [45, 46].

Albeit, it is assumed that the ERN and balance
N1 show similar neural patterns, and they scale with
similar factors of stimulation (e.g. predictability of
perturbation or error [29, 47], and perceived con-
sequence of perturbation or error [19, 48]), there
is still ambiguity that how these two EEG poten-
tials are related. ERN and PEP come from different
sources; the N1 potential of PEP is localized in the
supplementary motor area (SMA) [11, 49–51], while
the ERN appears in the cingulate cortex (especially
ACC) [29, 52–56]. Although both areas are local-
ized in the pMFC, the research indicated that pMF
acts as a ‘neural alarm’ and is responsive to a broad
range of elicitors such as performance monitoring
and adjustments, the detection of an error, anom-
alies, discrepancies, adverse outcomes, and decision
uncertainty [30, 57–59].

Moreover, in the error-relevant studies, an ErrP
was generated in an experimental task where par-
ticipants perceived the wrong action at some rare
moments during the experiment- in this situation
either participants make an error or observe an error.
Therefore, false information is conveyed to the par-
ticipants, which is in contradiction to the expec-
ted outcome. In balance studies, participants expect
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the destabilizing event in the experiment even in
scenarios with unpredictable perturbations, and con-
sequently, no wrong information leads to a misinter-
pretation during perturbation.

In this work, we testedwhether the brain perceives
postural instability as a cognitive error by impos-
ing two types of perturbations consisting of error
and correct perturbations. We hypothesize that the
N1 component or the general loss of balance is not
attributed to error detection. Two types of perturb-
ations were generated by incorporating the experi-
ment designs of both error and balance studies. To
this end, participants were tilted to the wrong or cor-
rect direction in the experiment. Wrong perturbation
is considered as a situation when the participant was
exposed to an opposite direction of the expected/in-
formed one, which led to encountering errors. This
experimental paradigm permits us to directly study
whether the N1 is representative of error processing.

2. Methods

2.1. Participants
Sixteen healthy individuals (age: 21–28 years; 7
females) participated in the study with monetary
compensation for their participation. Data of one
participant was excluded from analysis due to the
data corruption. All participants had normal vision
without a history of neurological disorders. One par-
ticipant was excluded because of missing data. The
studywas approved by theMedicalUniversity ofGraz,
and all the participants signed written informed con-
sent before the experiment.

2.2. Task paradigm and experimental procedure
Participants sat in a glider (Ka 8b, Alexander
Schleicher GmbH & Co. Segelflugzeugbau) facing
a computer screen at a distance of 1 m. We used a
KUKA KRC1 robot (Kuka AG, Augsburg, Germany)
to impose unpredictable balance perturbations by
off-vertical axis rotation (OVAR) at tilting angles of
5◦. The perturbations were presented in the form
of sudden movement and tilted the glider in the left
and right directions. The direction of perturbations
was shown on the screen between 2 and 4 s before the
perturbation onset, unequal intervals were selected to
decrease the predictability of perturbations. Subjects
were instructed to place their hand on the immov-
able control stick, and focus on the screen. Each trial
consisted of one time tilting the glider to the left or
right direction at high speed, and an interstimulus
interval of 4–7 s was used to separate the consecutive
perturbations. At the start of the experiment, dir-
ectional cues were presented in gray arrows on the
screen, and the glider was in a stable position. One
directional cue (arrow) turned to green between 2
and 4 s before the perturbation onset to notify the
subjects about the upcoming direction of the move-
ment. Then, the sign’s color changed to gray after

the perturbation and stayed the same until the next
trial. We name a trial as an error when the perturba-
tion’s direction did not coincide with the directional
arrow. After the perturbation, the glider remained
stationary for 2 s at the tilted position, and after that,
it returned to the initial position slowly. Participants
performed six blocks of 50 trials; 20% trials were error
trials (60 trials) and the remaining 80% were correct
trials (240 trials). Participants experienced ten error
trials in each block; both the order and direction
of errors were randomized throughout the experi-
ment. A schematic of the experiment is depicted in
figure 1.

2.3. EEG acquisition
We measured EEG signals using 63 active shiel-
ded Ag/AgCl electrodes located according to the
international 10–5 electrode system (eego sports,
ANT-neuro, Enschede, Netherlands). The data were
sampled at 512 Hz with reference and ground placed
at CPz and AFz, respectively. We recorded the exact
positions of the EEG electrodes for each individual
using an ELPOS Digitizer (Zebris Medical). To detect
the perturbation onset, we measured the acceleration
of the movements sampled at 500 Hz. The accelera-
tion data were synchronized with the EEG data using
the Lab Streaming Layer [60]. The accelerometer was
mounted on the top part of the glider.

2.4. EEG preprocessing
Preprocessing was done using EEGLAB [61],
BrainStorm [62], and fieldtrip software [63]. EEG
data were bandpass filtered between 0.5 and 40 Hz,
and downsampled to 256 Hz. We rejected the noisy
channels which had a kurtosis higher than 5 or were
correlated less than 75% with neighborhood chan-
nels. To eliminate noisy parts of the data, we applied
artifact subspace reconstruction [64] and reconstruc-
ted the artificial parts by using clean EEG data. A
threshold of 20 SDs was selected, which is con-
sistent with previous balance studies [17, 65, 66].
Next, we performed independent component analysis
(ICA) on each block of the experiment. Additionally,
individualized channel locations obtained from the
Zebris device were used for running ICA. ICLabel was
exploited to determine the origin of components in
the brain, heart, muscles, eyes, or other sources [67].
Subsequently, the artifact-related independent com-
ponents were removed if they had a probability higher
than 80%, and then the data were reconstructed with
the remaining components. Finally, the cleaned data
were referenced to the common average reference
(CAR), and the removed channels were interpolated
from neighboring electrodes using spherical spline
interpolation. After implementing the preprocessing
pipeline on each block, we extracted 1.5 s epochs with
respect to perturbation onset obtained from acceler-
ometer data. We excluded the noisy epochs by using
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Figure 1. Schematic of the paradigm (four trials). One trial started with a stable position, after 5–8 s participants were informed
about the direction of movement, then they were tilted to the opposite (error trial) or same (correct) direction. The glider stayed
in the tilted position for 2 s, and then it returned to its stable position with a low speed.

the three different statistical parameters (abnormal
amplitude, kurtosis, and joint probability).

2.5. Time-domain analysis
For electrophysiological analysis, we firstly investig-
ated the amplitude changes of stimulus-evoked activ-
ity in the time domain. Each trial was baseline-
corrected by subtracting the mean of the interval
of 500–100 ms before the perturbation onset. For
each condition, trials were averaged separately among
the participants. Then, a two-sided cluster-based
permutation [68] test (2000 times) with an alpha level
of 0.025 was implemented on averaged signals with
a final sample size of 15 participants. A p-value of
0.025 was considered to determine the significance
of the ERP difference between the two conditions.
Additionally, t-statistics were computed to indicate
the ratio of the difference between the two classes.

2.6. Time-frequency analysis
To assess the neural correlates of non-phase-locked
activities independent of phase-locked evoked poten-
tials in the time-frequency domain, we calculated
event-related spectral perturbation (ERSP) by using
the intertrial variance [69]. In this way, we unmasked

the effect of ERP fromEEGdesynchronization or syn-
chronization. A Morlet Wavelet transformation was
applied on each single trial EEG with a length of 2 s
(0.5 s before to 1.5 s after perturbation onset). The
wavelet cycles begin with one cycle at the lowest fre-
quency, and it increases linearly until the highest fre-
quency. The frequency range was chosen between 2
and 40 Hz, and the baseline activity was subtracted
in the interval of 500–100 ms preceding perturbation
onset. This leads to 50 logarithmic frequency bins and
200 linear time bins. Next, we performed the cluster-
based permutation test, corrected by a 2000 random
permutation test with a p level of 0.025.

2.7. Source-space analysis
EEG source imaging was performed for each parti-
cipant and condition using the Brainstorm toolbox
[62]. The ICBM152 boundary element model (BEM)
was utilized to register the template head model
to the individual EEG electrode positions recorded
by the Zebris device. A three-shell BEM (cortex,
skull, scalp) with conductivities of 0.41, 0.02, and
0.47 was exploited to estimate the lead field matrix
with OpenMEEG [70]. The noise covariance mat-
rix was computed by considering the time window
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of 500–100 ms before the perturbation onset. The
cortical sources were estimated via Minimum Norm
Estimation, using sLORETA [71] with unconstrained
dipole orientation. We have a current density distri-
bution consisting of 15 002 dipole locations. Addi-
tionally, the obtained dipoles were segmented into
68 parcels based on the Desikan-Kiliani atlas. For
each parcel, the activity of all voxels within that spe-
cified regionwas averaged to indicate the parcel’s time
course of activity. For the statistical test, we found
significant neural sources among error and correct
perturbations using a cluster-based permutation test
(paired-sample, α = 0.025, 2000 permutations).

3. Results

In the following, we first provide the analysis results in
the time domain by the comparison of phase-locked
EEG components. Then, we explore non-phase-
locked responses in the time-frequency domain by
computing the ERSP of error and correct trials. Ulti-
mately, to explore the relationships between neural
sources, we present the results of the source domain.

3.1. Time-domain results: event-related potentials
To attain insight into event-related potentials, the
statistical test was performed on time domain sig-
nals; we represented the t-values in figure 2. We cre-
ated eight clusters to show the different regions of
the brain. These regions comprised of pre-frontal,
frontal, fronto-central, central, centro-parietal, pari-
etal, occipital, and temporal areas. As can be seen,
frontal, central, and parietal areas disclosed signific-
ant differences between the conditions. In figure 2,
positive values of the t-value indicate that the amp-
litude of the error condition was significantly greater
than the correct condition, andnegative values denote
that the significant samples in the error condition
were smaller than the other condition. The obtained
results show that prominent differences occurred in
the 200–500 ms interval. Moreover, the grand aver-
aged signal of Pz electrode was plotted in the upper
panel of figure 2 to display perturbation-evoked
responses of error and correct conditions.

Then, we took the average of the p-values for
each channel and gained the most discriminable elec-
trodes. Figure 3 shows the grand average stimulus-
evoked activity for electrodes CCP1h, POz, Pz, and
CP1, which are the most important EEG chan-
nels. We also plotted the average error-minus-correct
difference waveform (difference between averaged
responses of erroneous and correct perturbations).

The EEG potentials in both conditions exhibited
negative and following positive peaks around 50–110
and 150–300 ms. These two peaks are characterized
by N1 and P2 components common in balance per-
turbation studies. The reverse polarity in POz and
Pz electrodes appeared because of the referencing, as

we used CAR instead of CPz channel. We see sim-
ilar activities of the N1 potential for both correct and
error trials, while the overall waveform shape of P2 is
more pronounced in error perturbations. The differ-
ence waveform resulted in a notable positivity around
200–500 ms.

Topographical maps of averaged erroneous, cor-
rect, and different signals with the accompaniment
of p-value scalp topographies are shown in figure 4.
The spatial distribution of electrophysiological activ-
ity at different time points, including the onset of the
perturbation and the N1 peak is illustrated there. It
is visible that no significant differences were found in
N1 potentials between correct and error trials, sug-
gesting that this component is attributed to the loss
of balance, not error-related processing. Frontal areas
show larger negative modulation in the correct con-
dition at 250 ms, while the parietal positive activ-
ity seems identical in both classes. Between 300 and
500 ms, the error class manifests higher positivity in
parietal channels, and they are significantly different
over parietal and occipital regions. Additionally, error
and correct classes have significant differences over
frontal channels at 430ms, and error condition shows
greater negativity in this area. The brain responses did
not reveal any statistical difference between the two
classes between 700 and 1300 ms.

3.2. Time-frequency results
We statistically investigated the time-frequency activ-
ity of erroneous and correct classes using the cluster
permutation test. Figure 5 depicts the difference plot
between the averaged ERSP of error and correct tri-
als (error-minus-correct) of important channels, the
black frame inside the plots specifies significant dif-
ferences. The ERSP of all channels were plotted in
figure 1 of supplementary material.

It can be seen that the alpha (7.5–13 Hz) fre-
quency band de-synchronized after the perturbation
onset in the time range of 500–830 ms over the cent-
ral parts of the left hemisphere. As shown in figure 5,
large desynchronization of ERSPs is prevalent in the
C3, CCP3h, CP3, C1, FCC3h, FC3, CP1, FCC1h, FC1,
CCP1h, FCz, FC5, C5, FCC2h, and Cz electrodes.
To have a better intuition about the time-frequency
characteristics of EEG signals, we plotted the ERSP
of each condition separately for the aforementioned
electrodes in figure 6.

3.3. Source space results
In order to represent the sources of perturbations and
error processing, we visualized the entire 68 regions
of the Desikan-Kiliani atlas for both conditions in
figure 7. EEG activity increased under both condi-
tions between 100 and 150 ms in the SMA, especially
in the paracentral and posterior cingulate which is
the cortical source of physical perturbations. No sig-
nificant results were found in early neural responses
of perturbation between the two conditions, which
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Figure 2. Time domain t-value plot. Positive and negative values indicate a forward and reversal relation between two classes. Each
line represents one channel. We assigned eight clusters to different parts of the brain so that blue, green, purple, red, orange, pink
and brown colors represent pre-frontal, frontal, fronto- central, central, centro-parietal, parietal, occipital and temporal areas. The
EEG potential at Pz was plotted in the upper part of the figure, and its t- value row was marked by a black star in the t-value plot.

Figure 3. Average EEG responses of error trials, correct trials and error-minus-correct signals across 15 participants over CCP1h,
POz, Pz and CP1 channels. The blue and green lines characterize the error and correct conditions, in addition to the orange plot
as the indicator of difference signal.
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Figure 4. Grand averaged scalp topography. EEG distribution of error, correct and error-correct is plotted in the first, second and
third rows, respectively. The last row depicts p-values results of the statistical analysis.

Figure 5. ERSP differences are shown for important channels. Significant reduction in alpha power frequency is observable over
central channels.

reveals that N1 potential comes from the same source
in both error and correct perturbations.

In the time interval of 250–500 ms, it can be seen
that the grand average activity is predominant in the
parietal and occipital regions, for both classes. We
found significant activations in the inferior parietal L,
isthmus cingulate L, and superior parietal L areas in

the time range of 280–470ms, and the activity became
stronger in error trials. We did not discover a signific-
ant activity between 430 and 900ms, and both condi-
tions displayed analogous behavior in this period. At
1100 ms, the fusiform parcel represents greater activ-
ation for error trials, which is visible in the difference
source plot.

7



J. Neural Eng. 20 (2023) 026026 S Jalilpour and G Müller-Putz

Figure 6. Averaged ERSP plot of 15 participants scaled power in dB. Plots of error and correct trials were displayed separately for
channels C3, CCP3h, CP3, C1, FCC3h, FC3, CP1, FCC1h, FC1, CCP1h, FCz, FC5, C5, FCC2h and Cz.

4. Discussion

This study aimed to explore the dynamics of the
brain during the occurrence of an error in balance
perturbation. In previous studies, it was revealed
that the early cortical negativity is elicited by pos-
tural changes in brain responses to the realization of
perceived instability. Several studies have suggested
that this negativity shares similar traits with ErrP in
terms of the spatial and temporal characteristics of
N1 potentials [22, 25, 72]. It has been shown that dif-
ferent cortical sources will be activated in the elicited
negative potential of ErrP and PEP. The N1 poten-
tial of PEP is localized in the SMA [11, 49–51], while
the ERN of ErrP appears in the ACC [29, 52–56]. As
these areas are localized in the pMFC, it has been

proposed that the negative component of the PEP and
the ErrP represent different aspects of error monitor-
ing. Studies on error processing have demonstrated
that ErrP signals occur under different task situ-
ations, and they are generated in various contexts of
the perception of wrong action. Feedback ErrP hap-
pens when the participant realizes the wrong feed-
back on the task [73]. The term interaction ErrP is
used when the participant interacts with a brain–
computer interface (BCI), and the system delivers the
false command [54, 74]. Observation ErrP is con-
sideredwhen the participant recognizes themachine’s
erroneous action [75]. Response ErrP is defined as a
situation in which a participant commits an error by
him/herself in a choice reaction time task [76]. The
reported resultsmanifest distinct shapes and latencies

8
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Figure 7. Grand-averaged EEG potentials of the source activations. The first and second panels show the grand-average source
space activity for the error and correct conditions, respectively. Error-minus-correct activity of the source space is plotted on the
third panel. The corresponding p-values obtained by a two- sided cluster permutation statistical test are displayed in the last panel.

of ErrP for different paradigms, while there is not
any unique and clear explanation for those differ-
ences. However, some studies deduced that this dis-
parity is probably attributed to the various experi-
mental paradigms and required cognitive efforts to
evaluate the task.

Numerous study designs were accomplished to
yield perturbation such as platform translations
[5, 8, 11–13], surface perturbation [3, 8–10], and
weight release [15–18]. In all scenarios of balance
studies, participants were instructed about the occur-
rence of the perturbation, and they were aware of bal-
ance destabilization in the experiment. Therefore, no
wrong information was delivered to the subjects dur-
ing the perturbation. While in error research, neural
error responses were elicited by wrong recognition
of action due to the paradox between intended and
actual response (feedback). In this work, we designed
a novel experimental paradigm inspired by error and

balance studies so that participants confront unex-
pected movement errors during balance perturb-
ation. In one experimental condition, participants
experienced perturbations in a direction incongruent
with the presented direction. In the other condition,
they were tilted in the same direction as the informed
direction. We delved into the brain mechanisms of
error commission during the erroneous movement.
We provided evidence that erroneousmovements can
be differentiated from correct movements with signi-
ficant cortical changes.

4.1. Physiology
In this study, two types of cortical responses were
evoked with respect to two stimuli (physical perturb-
ation and error commission). To assess the differences
between the two conditions, we mainly interpret the
results by using the EEG difference waveform. There-
fore, we can eliminate the common activities within

9



J. Neural Eng. 20 (2023) 026026 S Jalilpour and G Müller-Putz

conditions, which are probably the brain dynamics of
perturbations.

The difference plot did not yield a significant
divergence between the N1 potentials of the two con-
ditions. As figure 2 shows, error and correct trials
are not different from each other in the time period
of 0–200 ms. The distinct activities appeared over
the frontal and central channels between 200 and
300 ms. When looking at the EEG potentials of the
error and correct trials separately, we notice that both
correct and error trials represent positive activities at
this interval. Nevertheless, the error condition pro-
longed more than the correct condition, and the fluc-
tuations arise due to the strong response of error
perturbations.

The positive activity shifted from frontal areas to
parietal regions between 250 and 500 ms, as is notice-
able in figures 2 and 3. At 430 ms, the differences
were maximized with negativity and positivity over
the frontal and parietal regions, respectively. The tem-
poral and topographical features of the EEG poten-
tial at this time point can be interpreted as an elec-
trophysiological marker of conscious perception of
errors called error positivity (Pe) [26]. Both error and
correct classes demonstrate analogous neural correl-
ates between 500 and 1300ms, and the activity of both
classes is close to zero in the time range.

4.2. Time-frequency
Moreover, we examine the spectral properties of error
and correct trials by calculating the ERSP of sig-
nals. To this end, we exploited the intertrial vari-
ance method to eliminate the phase-locked activities
of EEG. Figure 5 represents the difference ERSP plot
(error minus correct), and error-related frequency
modulation is remarkable in the alpha band within
500–830 ms (maximized between 575 and 595 ms).
Also, figure 1-supplementary demonstrates that sub
components of delta (2–3.5 Hz) and theta (3.5–6 Hz)
frequency bands in the frontal channels synchron-
ized after the perturbation onset in the time range
of 400 and 600 ms. This effect was observed during
error processing in numerous studies [77–80], but
no significant differences were found in the statist-
ical test of this study. In addition, spectral suppres-
sion was significantly evident in the central regions,
especially in the left side of the hemisphere. This
phenomenon is named error-related alpha suppres-
sion (ERAS) [81, 82], which refers to the reduction
of alpha power in an error condition with respect
to the correct condition. Since the decrease of alpha
band is an indicator of attentional demands such as
alertness [83], ERAS reflects higher attention needs
of the participant in the errors than correct trials
[84] Moreover, this post-error compensation only
appears in aware error responses when the parti-
cipants are conscious and alert of error commission
[85]. Our obtained results are in agreement with
previous studies that showed a power decrease in

the alpha band [81, 82, 86, 87]. To further investig-
ate the frequency modulations, we plotted the time
frequency decomposition of the error and correct
classes separately. The analysis of both conditions
revealed that the first spectral peak happened during
the PEP N1 in the delta, theta, alpha, and beta fre-
quency bands. This response is followed by a power
decrease in the alpha band for error trials over left
central regions. The frequency modulation of the left
hemisphere is probably attributed to the handedness
of the participants. Fourteen of 15 participants were
right-handed, and we speculate that errors were more
unpleasant for right-handed participants during the
left balance perturbation.

4.3. Source analysis
Through source analysis, we showed that there is no
significant difference between the activated sources of
N1 between error and correct conditions. Although
we expected to see greater amplitude (activation) on
N1 for error perturbations, the results confirm that
the N1 potential is independent of error processing
and it primarily contributes to the physical character-
istics of perturbation. The significant activation ori-
ginates from the superior parietal, inferior parietal,
and isthmus cingulate, with themaximumdifferences
at 430 ms. By looking at error and correct sources,
we find higher source activity for error perturba-
tion in the time interval of 250–500 ms. These areas
play an important role in error processing, and they
are probably attributed to error positivity. Neuroima-
ging studies investigating errors reported that the sus-
tained activity of the posterior cingulate relates to the
emergence of a Pe. By inspection of the source and
time domain results at 430 ms, we can imply that the
EEG potential reflects the same traits of error-related
positivity or Pe. It is known that Pe is attributed to
error awareness and post error processing [88–90].

Moreover, the fusiform gyrus had stronger activ-
ation during errors than the correct class around
1100 ms. The existence of fusiform gyrus activation
in error processing was reported in a stop task during
functional magnetic resonance imaging [91]. Albeit
we did not find any significant activity modulation
in the time and time-frequency domains at this time
point.

5. Conclusion

To sum up, we demonstrate a novel study to expand
the knowledge of cortical responses during balance
by investigating the influence of error perturbation
on the N1 potential and other EEG responses. In our
approach, we induced errors by exposing perturb-
ations to participants in the wrong directions, and
participants perceived these perturbations as wrong
actions or movements. Our results showed that two
error-related neural markers were derived from the
EEG responses, including error positivity (Pe), and
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ERAS. Although balance perturbation causes a large
negative amplitude of N1, there were no discern-
ible distinctions between the correct and erroneous
perturbations, as indicated by these findings. Con-
sequently, early neural correlates of perturbation can-
not be interpreted as error-related responses. We
discovered distinct patterns of conscious error pro-
cessing; both Pe and ERAS are associated with con-
scious sensations of error. As it was seen, the absence
of the third error-related indices was noticed in the
analysis. A possible reason for this phenomenon
is that the ERN mainly contributed to the motor
response execution, while in this work, participants
did not commit an error.
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